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1
ENHANCEMENTS TO PARAMETER
FITTING AND PASSIVITY ENFORCEMENT

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application claims priority to and the benefit of, and
incorporates herein by reference in its entirety U.S. Provi-
sional Patent Application No. 61/596,836, which was filed
on Feb. 9, 2012.

FIELD OF THE INVENTION

The technology disclosed herein relates generally to
determination of electrical properties of structures via simu-
lation.

BACKGROUND

Measurement and simulation strategies for characterizing
the response of a given structure to an input, e.g., the
electrical behavior of interconnect and packaging structures
for electronic circuits, electromagnetic behavior of antenna
structures, etc., often utilize a frequency-domain approach.
Physically, such an approach is equivalent to applying
sinusoidal excitations to the terminals, or ports, of a struc-
ture and then measuring the response at the same and/or
other ports. The relation between excitations and responses,
and how those relations vary with sinusoidal frequency, are
used to calculate scattering parameters. For a structure with
p ports, measured at n, frequencies (where n, is typically
hundreds or thousands), the scattering (or S-) parameter data
is a set of n, matrices, where each matrix is a set of pxp
complex numbers. The entry in the i-th row and j-th column
of the matrix associated with a particular frequency f indi-
cates how a sinusoidal excitation with frequency f applied to
port j will affect the response at port i.

Simulators, which are typically used to compute the time
evolution of voltages, currents, and/or electromagnetic fields
in structures, often require accurate representations of the
structure being simulated. For example, circuit simulators
typically compute the voltages and/or currents representing
the electrical behavior of interconnect and packaging used to
couple various circuit blocks. For this reason, almost all
commercial circuit simulators have some method for con-
verting models of packaging and interconnect represented
using frequency-domain S-parameter data into models that
are suitable for time-domain simulation. A wide variety of
methods are in common use, with convolution-based
approaches being the most established.

The more modern and now preferred strategy for using
S-parameter data in time domain circuit simulation is to
construct a p-input, p-output system of linear differential
equations whose response to sinusoid excitations closely
matches the responses represented by the corresponding
S-parameter data. Such a system of differential equations,
usually referred to as a state-space model, may be easily
included in time-domain circuit simulation.

In the case of a structure having a large number of ports,
the number of transfer functions (p*, where p denotes the
number of ports) is usually much greater than the number of
frequencies (n,). This can affect compression, fast residue
calculation, fast transfer function calculation during simu-
lation of the structure. Grivet-Talocia describes a singular-
value-decomposition-based method of generating a state-
space model for structures having a large number of ports.
See “A compression strategy for rational macromodeling of
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2
large interconnect structures,” S. Grivet-Talocia, S. B. Oli-
vadese, and P. Triverio, Proceedings of the 2011 IEEE 20th
Conference on Electrical Performance of Electronic Pack-
aging and Systems (EPEPS), pp. 53-56, 23-26 (October
2011), which is incorporated herein by reference, in its
entirety.

The basic idea of this paper is that large port-count
S-parameters have substantial redundant information, which
the singular value decomposition (SVD) can uncover. A
large matrix X is created by stacking the p* entries of the
S-parameter matrix next to each other. Then the singular
value decomposition on X is performed, generating matrices
U, S, and V. The product of the significant singular values,
i.e., entries 1:k of the diagonal of S, with the appropriate
columns of U, give the so-called “basis functions” that can
represent the important information in the original data. The
corresponding columns of V indicate how to combine the
basis functions to recreate the original S-parameter data.
One problem with Grivet-Talocia’s method is that, if the port
count p is high, the X matrix is extremely wide, which
makes the V matrix extremely tall and significantly slows
down the SVD.

SUMMARY

In various embodiments, systems and methods for analy-
sis and simulation of electrical properties of a physical
structure are improved by observing that it is not actually
needed to know what the appropriate basis functions are.
Therefore, the computation of the singular value decompo-
sition of the X matrix can be avoided. Instead, it may be
sufficient to know approximately how many basis functions
there are, by checking the quality of the fit of a state-space
model obtained from the selected basis functions, which are
subset of the original S-parameter matrix, with respect to the
entire S-parameter matrix. This can significantly decrease
the time taken to generate a model and may facilitate quick
simulations of physical systems.

Moreover, in various embodiments the passivity of the
model can be enforced, while simultaneously checking the
quality of the fit. The quality of the fit generally refers to a
measure of whether the model fitting error (i.e., the differ-
ence between the input S-parameters and the S-parameters
of the model) is above or below a certain user-specified
level. If the fit quality deteriorates beyond a specified
threshold due to the adjustments necessitated by the passiv-
ity violations, the fit quality is improved using additional
S-parameter values. Detection of passivity violations can be
significantly improved using Cholesky factorization. Thus,
various embodiments facilitate efficient generation of a
state-space model that does not contain passivity violations,
and has a fit quality within a desirable, specified threshold.

Accordingly, in one aspect, embodiments of the invention
feature a computer-implemented method for generating by a
processor a passive model of a structure. In another aspect,
embodiments of the invention feature an apparatus including
a processor and a memory including processor executable
instructions that, when executed by the processor, configure
the apparatus to generate the passive model. In yet another
aspect, embodiments of the invention feature an article of
manufacture including a non-transitory machine-readable
medium storing instructions that, when executed by a
machine, configure the machine to generate the passive
model. The method includes receiving, and instructions in
the apparatus and/or the article are provided to receive, in
memory, parameter data corresponding to the structure. The
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parameter data is represented as a first rectangular matrix
having M rows and N columns, M being different than N.

The method includes generating, and the instructions are
provided to generate, a second square matrix based on the
first matrix. The square matrix has [. rows and columns such
that L is equal to the least of M and N. The method and/or
instructions are also provided to generate eigenvalues of the
square matrix and to determine a number K of significant
eigenvalues. K values from the first matrix are selected
according to the method and/or instructions, and the method
and/or instructions also provide for generating a model
matrix H using the K selected values, such that the model
matrix H can model the structure.

In some embodiments, the method and/or instructions
further provide for determining a fit between the model
matrix H and the first matrix. If the quality of the fit is less
than a threshold value, the method include and the instruc-
tions are provided for (i) selecting one or more additional
values from the first matrix, and (ii) generating an updated
model matrix H by repeating the generating step using the K
previously selected values and the one or more additional
selected values.

The determination of the fit quality may include perform-
ing a least-square approximation and reshaping the first
rectangular matrix into a one-column matrix. The parameter
data may include S-parameter data, Y-parameter data, or
Z-parameter data. In some embodiments, each of the M rows
corresponds to one of several frequencies and each of the N
columns corresponds to one of a number of pair-wise
combinations of ports of the structure. The structure may
include electrical circuitry, an electromagnetic component,
or both.

In another aspect, various embodiments feature a com-
puter-implemented method for enforcing passivity of a
model matrix H. In another aspect, an apparatus including a
processor and a memory including processor executable
instructions that, when executed by the processor, configure
the apparatus to enforce passivity of a model matrix H. In yet
another aspect, embodiments of the invention feature an
article of manufacture including a non-transitory machine-
readable medium storing instructions that, when executed by
a machine, configure the machine to enforce passivity of a
model matrix H. The matrix H, which represents a model of
a structure, includes a system matrix A, a control matrix B,
an output matrix C, and a feed-forward matrix D.

The method provides for determining, and/or instructions
stored in the memory and/or storage medium configure the
processor to determine, if a passivity violation exists in the
model matrix H for a frequency. If passivity violation is
determined to exist, the method provides for updating and
the instructions configure the processor to update a X matrix
corresponding to the model matrix H. The £ matrix together
with U and V matrices represents the singular value decom-
position of the model matrix H. Additionally, the method
includes updating, and the instructions configure the pro-
cessor to update, the model matrix H based on the updated
E matrix. The updating step includes controlling error.

Controlling the error may include identifying a region of
no passivity violation; and improving the fit quality by
reducing fitting error between the updated model matrix H
and parameter data associated with the structure. In some
embodiments, the updating step includes reshaping a matrix
derived from the updated X matrix and the U and V matrices,
and computing a least square approximation based on the
reshaped derived matrix. The determination of passivity
violation may include performing Cholesky factorization.
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In another aspect, various embodiments feature a system
for generating a passive model of a structure. The system
includes a transform module to receive, in memory, param-
eter data corresponding to the structure. The parameter data
are represented as a first rectangular matrix having M rows
and N columns, M being different than N. The transform
module also generates a second square matrix based on the
first matrix. The square matrix has L. rows and columns such
that L is equal to the least of M and N. The system includes
an analyzer module to generate eigenvalues of the square
matrix, and to determine a number K of significant eigen-
values. In addition, the system includes a model generator to
select K values from the first matrix, and to generate a model
matrix H using the K selected values, such that the model
matrix H can model the structure.

In some embodiments, the model generator is adapted to
compute a fit quality of the model matrix H. If the fit quality
is less than a threshold, the model generator may select one
or more additional values from the first matrix and update
the matrix H based on the additional value. The computation
of'the fit quality may include least-square approximation and
reshaping the first rectangular matrix into a one-column
matrix. The parameter data may include one or more of
S-parameter data, Y-parameter data, and Z-parameter data.

In some embodiments, each of the M rows corresponds to
one of several frequencies and each of the N columns
corresponds to one of a number of pair-wise combinations of
ports of the structure. The structure may include electrical
circuitry, an electromagnetic component, or both. In some
embodiments, the system includes a processor, and the
memory contains, in part, instructions to configure the
processor as one or more of the transform module, the
analyzer module, and the model generator.

In yet another aspect, various embodiments feature a
system for enforcing passivity of a model matrix H. The
matrix H, which represents a model of a structure, includes
a system matrix A, a control matrix B, an output matrix C,
and a feed-forward matrix D. The system includes a pas-
sivity-checking module to determine if a passivity violation
exists in the model matrix H for a frequency. The system
also includes a passivity-enforcement module to update a
matrix corresponding to the model matrix H, if passivity
violation is determined to exist by the passivity-checking
module. The ¥ matrix together with U and V matrices
represents the singular value decomposition of the model
matrix H. The system also includes a model generator to
update the model matrix H based on the updated X matrix,
and to control error associated with the updated model
matrix H.

In some embodiments, to control error, the model gen-
erator is adapted to identify a region of no passivity viola-
tion, and to improve quality of the fit by reducing a fitting
error between the updated model matrix H and parameter
data associated with the structure. To update the model
matrix H, the model generator may be adapted to reshape a
matrix derived from the updated £ matrix and the U and V
matrices. The model generator may further compute a least
square approximation based on the reshaped derived matrix.
The passivity-checking module may be adapted to perform
Cholesky factorization. In some embodiments, the system
includes a processor, and the memory contains, in part,
instructions to configure the processor one or more of the
passivity-checking module, the passivity-enforcement mod-
ule, and the model generator.

BRIEF DESCRIPTION OF THE DRAWINGS

In the drawings, like reference characters generally refer
to the same parts throughout the different views. Also, the
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drawings are not necessarily to scale, emphasis instead
generally being placed upon illustrating the principles of the
invention. In the following description, various embodi-
ments of the present invention are described with reference
to the following drawings, in which:

FIG. 1A is a schematic block diagram of an exemplary
model synthesizer in accordance with various embodiments
of the invention;

FIGS. 1B and 1C schematically depict various compo-
nents of an analysis module included in the model synthe-
sizer depicted in FIG. 1A;

FIG. 2 is a flowchart of an exemplary method of effi-
ciently generating a state-space model, in accordance with
various embodiments of the invention; and

FIG. 3 is a flowchart of an exemplary method of effi-
ciently eliminating or at least reducing passivity violations
in a model of a structure, in accordance with various
embodiments of the invention.

DETAILED DESCRIPTION

Model Synthesis System

Referring to FIG. 1A, in various embodiments of the
invention, a model synthesizer 100 includes a central-pro-
cessing unit (CPU) 105, a main memory 110, and one or
more mass storage devices 115 all connected to a system bus
120, over which all of the components of the system
communicate. CPU 105 directs the operation of model
synthesizer 100, and each mass storage device 115 stores,
e.g., input data and/or output data for retrieval and/or further
processing. A user may interact with model synthesizer 100
using a keyboard 125 and/or a position-sensing device (e.g.,
a mouse or trackball) 130. The output of either device may
be used to designate information or select particular areas of
a display 135 to direct functions to be performed by model
synthesizer 100.

The main memory 110 contains a group of modules that
control the operation of CPU 105 and its interaction with
other hardware components. An operating system 140
directs the execution of low-level, basic system functions
such as memory allocation, file management, and operation
of mass storage devices 115. At a higher level, an analysis
module 145 and an optional simulation module 150 direct
execution of the primary functions performed by embodi-
ments of the invention, as discussed below, and a user
interface module 155 enables straightforward interaction
with model synthesizer 100 over display 135. For example,
the analysis module 145 may perform one or more of the
operations described with reference to FIGS. 2 and 3.

Referring to FIG. 1B, in one exemplary embodiment the
analysis module 145 includes a transform module 191 to
perform various matrix operations on the received fre-
quency-domain data, an analyzer module 193 to extract the
information to be used for model generation, from a matrix
generated by the transform module 191, and a model gen-
erator 195 to generate a state-space model based on the
received data and the extracted information. The analyzer
module 193 may also compute a quality of the fit of the
generated module.

Referring to FIG. 1C, in another exemplary embodiment,
the analysis module 145 includes a passivity-checking mod-
ule 197 and a passivity enforcement module 199 to ensure
that the model generated by the model generator 195 is
passive. The model generator 195 is further adapted to adjust
the model based on the information provided by the passiv-
ity enforcement module 199, and to control the fit quality by
reducing the fitting error associated with the updated model.
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It should be understood that various embodiments may
include all or various combinations of the modules illus-
trated with reference to FIGS. 1B and 1C. The CPU 105 may
be configured to provide the analysis module 145, including
one or more of the transform module 191, analyzer module
193, model generator 195, passivity-checking module 197,
and the passivity enforcement module 199.

Referring again to FIG. 1A, an input module 160 accepts
input data corresponding to a system or network to be
simulated from, e.g., a mass storage device 115, keyboard
125, and/or position-sensing device 130, or in some imple-
mentations, from an external signal source. The input data
may include or consist essentially of digitized information
corresponding to the system to be simulated, e.g., an elec-
trical circuit (and/or the interconnect network and/or pack-
aging thereof) or any of a variety of other physical (e.g.,
mechanical) systems (such as the turbulent flow of a fluid
through a pipe when the input and output flows are not
turbulent). As used herein, the term “physical system” refers
to physical structures, objects, or substances that exhibit
time-evolving behavior. For example, the input data may be
digital values representing signal levels at terminals of an
electronic circuit. Generally, the input data will be a repre-
sentation of the system in the frequency domain. A decom-
position module 165 converts such input data into a set of
S-parameters for further processing (as described below)
using techniques well-established in the art (see, for
example, B. Young, Digital Signal Integrity: Modeling and
Simulation with Interconnects and Packages, Prentice Hall
(2000).). Alternatively, input module 160 may directly
accept as input data the set of S-parameters, obviating the
need for processing by decomposition module 165.

An output module 170 directs output data from analysis
module 145 and/or simulation module 150 to, e.g., a mass
storage device 115 for storage, display 135 for presentation,
a second optional simulator 175 for further analysis and/or
simulation, and/or an external device 180 to operate as an
input thereto (e.g., as a control signal to an electronic
device).

Although the modules in main memory 110 have been
described separately, this is for clarity of presentation only.
As long as model synthesizer 100 performs all necessary
functions, it is immaterial how they are distributed there-
within and the programming or hardware architecture
thereof. Furthermore, the above-described implementation
is exemplary only. Other hardware approaches are possible,
e.g., the various modules of embodiments of the invention
may be implemented on a general-purpose computer pro-
grammed with appropriate software instructions implement-
ing the functions described below, or as hardware circuits
(e.g., as an application-specific integrated circuit, or ASIC),
or as mixed hardware-software combinations.

Fitting Enhancements

In various embodiments, the singular values of X can be
extracted from the eigenvalues of XX*, which, given the
fact that X is short and wide, is a significantly smaller
matrix, and XX¥ is Hermitian, which also improves the
efficiency. If needed, U can be extracted from this formu-
lation, but not V, where X=UZXV represents the singular
value decomposition of X. But matrix V is not required to
generate a state-space model according to the various
embodiments.

In general, for a matrix of rank k, only 2k columns chosen
at random can be sufficient to generate the same rank. This
concept for the basis for an iterative process according to
various embodiments. eigenvalues of XX, are obtained and
k is determined to be the number of significant eigenvalues,
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e.g., the largest values that are real numbers. One method of
selecting k is to sort the eigenvalues in decreasing order, and
then choose k of them such that the ratio of the smallest to
the largest within those selected is equal to a selected fitting
tolerance (e.g., within 1%, 0.5%, etc.). The largest 3k/2
frequency dependent entries from the S-parameter data are
then selected, and stacked as one large column from which
a state-space fit can be generated. Typically, the S-parameter
matrix entries having the largest absolute values are
selected. If the values are similar those with the most
frequency variation may be selected. The poles of this fit are
then used to generate residues for the entire S-parameter
matrix, and those that do not fit within the specified toler-
ance are added to the list of candidates to be included in the
column. This step is iterated until all entries of the S-pa-
rameter matrix are fit as well as those selected for pole
extraction. Because all of the transfer functions to be fit are
combined into one large column, a set of common poles for
the entire S-parameter matrix can be obtained in various
embodiments.

This has several advantages, most notably that it pre-
serves symmetry of the fit if the data is itself symmetric, but
it also poses some challenges. For example, to convert these
poles to a state-space system requires creating an A matrix
that hasp copies of the identical submatrix (the block two-
by-two diagonal matrix corresponding to the calculated
poles), which is a significant inefficiency as the number of
ports, p, becomes large.

One solution for this, which turns out to be useful in many
other areas of the fitting and passivity enforcement algo-
rithms, is to reshape the system. Instead of performing fitting
with the original system, with its p inputs and p outputs, the
S-parameter matrix is considered as if it represented a
system with one input and p* outputs. As such, if there are
n, common poles, the A matrix may have the dimensions
n.xn; with only a single copy of the poles; the B matrix will
be n,x1; the C matrix will be large, p>xn.; and the D matrix,
px1. The calculation of residues, given the poles (or in
state-space terms, the calculation of C and D, given A and B)
turns out to be an unusual least-squares problem, with a
number of right-hand-sides equal to the rows of C, i.e., p°.
This requires bypassing the standard least-square solvers
(e.g., Intel MKL least-squares driver functions) for maximal
computational efficiency. This reordering of the S-parameter
matrix also enables fast calculation of the fitted transfer
function matrix, taking advantage of the ability of conven-
tional linear-algebra solvers (e.g., Intel’s MKL) to do fast,
memory-local multiplications of large matrices.

The process is as follows. Using the state-space matrices
as discussed above, and a list of frequencies f of length n.a
matrix X, size n,xng is formed where each column i of X is
the result of (2mjf,1-A)~" B. Then the matrix Y of size p*xn,
is formed with a single matrix-matrix multiplication, CxX,
and adding in replications of the columns of D resulting in
the final fitted transfer function.

In one embodiment illustrated with reference to FIG. 2,
S-parameter data corresponding to L (also called n,) fre-
quencies is received in step 201. An LxL. matrix is generated
based on the S-parameter data in step 203. Eigenvalues of
the LxL. square matrix are computed in step 205. The
number k of significant (e.g., the largest) eigenvalues is also
determined in step 205. Then, in step 207, k values from the
S-parameter data are selected in step 207. For example the
largest k values may be selected from the S-parameter data.

In step 209, a state-space model is generated using the
selected k values from the S-parameter data, and any addi-
tional values that may have been selected in a previous
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iteration. Reshape the S-parameter data in step 211 and
compute a quality of the fit of the model generated in step
209 using the reshaped S-parameter data. In step 213, it is
determined whether the model’s fit quality is within a
specified tolerance. If not, in step 215 additional S-param-
eter values are selected and the steps 209-213 are repeated.
Once the fit quality is determined to be within a tolerance in
step 213, the model is provided for use in step 217, e.g.,
simulating a system being modeled by the model.
Passivity Enhancements

In some situations, often with data that exhibit significant
non-causality, there is a problem with the above described
state-space fitting: a tendency for large out-of-band passivity
violations. These are typically due to over fitting, to the
tendency for the least-squares solution to contain large
values for the residues, which delicately cancel in band to
slightly reduce the fitting error, at the cost of creating large
out-of-band passivity violations, since there are no con-
straints on these.

In various embodiments, the passivity violations may be
removed as follows. First, taking advantage of systems/
methods to generate fits for different orders rapidly, the
fitting process starts with a selection of high-order fits. One
example of such systems/methods for rapidly generating fits
using eigenvalues is described above. Another example is
described in U.S. patent application Ser. No. 12/577,844
titled State-Space Model-Based Simulators and Simulators,
by Michael J. Tsuk and Jacob K. White, filed on Oct. 13,
2009, which is incorporated herein by reference in its
entirety. If these fits are unable to meet the target tolerance,
the process backs off, so as to avoid over fitting. Also, a
“regularization” step has been added to the process of
calculating residues, additional constraints that push down
the absolute value of the residues, at some cost to the fit
quality. This combination gives more passive state-space
fits, which reduces the computational load on passivity
enforcement downstream.

The passivity enforcement method called “passivity
enforcement by iterated fitting of passivity violations,”
(IFPV), extends methods described in: “Efficient Algorithm
for Passivity Enforcement of S-Parameter-Based Macro-
models,” Dhaene, Deschrijver, and Stevens, MTT February
2009 (“Dhaene”), which is incorporated by reference in its
entirety. According to Dhaene’s method, a dense grid of
frequency points may be created, going above the band of
the original data, but not necessarily including the original
frequency points. The method continues, trying to fit (with
the original A and B matrices) the violations of passivity on
the dense grid, iteratively knocking them down. But there is
no control on the quality of the fit.

Two improvements to the method described in Dhaene are
provided. First, error control has been added, so that the
state-space fits to passivity violations tend both to minimize
those violations and the fitting error, thereby improving the
fit quality. Various embodiments add in the original set of
frequency points, and at each iteration, the quality of the fit
between the modified state-space system and the original
data is evaluated. It is desirable to reduce/eliminate the
passivity violations without increasing the fitting error. In
general, however, this may not be feasible. Therefore, there
is a conflict at each stage of the iteration: decreasing the
passivity violations versus preserving the quality of the fit.
This conflict is arbitrated with the weighted least squares. If
the error is above a certain threshold, the least squares fitting
is weighted to emphasize the error over passivity improve-
ments; if the passivity violations are large, the least squares
are weighted in the opposite manner.
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With reference to FIG. 3, in step 301 the state-space
model is described as H(s)=C(sE-A)"'B+D, where t is the
index of an iteration. A check for a passivity violation is
performed in step 303, and if no passivity violation exists,
the model is provided, e.g., for simulation thereof, in step
305. If a passivity violation exists, however, in step 307 the

10

five times faster in some situations) enforcement of passivity
than other methods including the SVD.
Results

Table 1 shows the results for a variety of test cases,
comparing the old and new methods with respect to both
speed and accuracy.

TABLE 1

Old time Old New time New Speed  Improve-
File (sec) error (sec) error up ment
hfss.out.dan2.s2p 61.93 0.95% 15.95 0.89% 3.88 1.07
FourPort HFSS_V12.s4p 142.73  634076% 2.64 10.28% 53.97 61,658.35
X6_traces.s6p 893.01 19.98% 69.50 5.20% 12.85 3.85
comp.s8p 125.55 16.59% 10.83 0.75% 11.60 21.99
x1byl_patch.s10p 6.24 0.99% 1.33 1.17% 4.69 0.85
agp.s12p 82.58 3.99% 16.85 1.60% 4.90 2.50
Package.s19p 38.78 1.26% 56.70 0.76% 0.68 1.66
LNA_900MHz.s30p 839.54 18.48% 23.30 8.93% 36.03 2.07

singular value decomposition (SVD) of the H matrix is
performed to obtain 2 as H=UZV.

In a regularization step 309, X' is obtained by adjusting the
passivity violations in the diagonal matrix 2. For example,
from the values in X that are greater than one, thereby
indicating a passivity violation, a constant value 9 slightly
less than one (e.g., 0.9, 0.999, etc.) is subtracted to obtain X'.
2' corresponds to H', given by H'=UX'V. This function will
be generally zero, except where original data contained
passivity violations.

In step 311, based on A and B from the original fit, linear
least squares approximation, such as that described earlier, is
used to determine C, and D,. Specifically, the Equation
H'(s)=C,(sE-A)™! B+D,, can be solved using the least-
squares method for C, and D,,. Thereafter in step 313, the C
and D matrices are updated as C,, ,=C,-C, and D,, ,=D-D,,
t+1 corresponding to the next iteration. A new or updated
model H,, | is computed using A and B from the original fit
and C,,, and D,, ;.

In step 315, the quality of the fit of the updated model H,, ,
is computed with respect to the frequency domain data (e.g.,
S parameters) from which the initial matrix H was obtained.
The least square method, as described earlier, can be used to
compute the quality of the fit, but other methods may also be
employed. It is determined in step 315 whether the fitting
error is greater than a certain preset threshold, or alterna-
tively, whether the difference between the fitting error of
H,,, and that of H is greater than a preset threshold. If the
fitting error is greater than the threshold, in step 319 the
model H,, , is further updated to reduce the fitting error, i.e.,
to improve the fit quality. This improvement can be per-
formed according to the embodiments described in the
“Fitting Enhancements™ Section. After improving the qual-
ity of the fit in step 319 or if the fitting error is determined
to be less than the threshold in step 317, the steps 303-315
are repeated for a selected number of iterations or until no
passivity violations are detected in the model in step 303.

A second improvement can increase the speed of compu-
tations. In particular, various embodiments increase the
speed of IFPV by including reshaping of matrix, as
described earlier. Furthermore, it was recognized that a
significant portion of the method’s work is typically in step
303, testing whether particular points of the fitted transfer
function (e.g. values corresponding to a certain frequency)
are passive or not. Using the Cholesky decomposition to test
passivity, in some embodiments, facilitates faster (e.g., up to
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Systems according to the above-described embodiments
may be able to handle large model-fitting and passivity
enforcement problems within the time and memory con-
straints of typical workstation PCs. These systems are con-
figured to be able to generate high-quality, passive state-
space fits generally not attainable using other systems. For
example, a passive state-space fit to 200+ port S-parameter
data may be obtained in typically half an hour, and to 400+
port S-parameter data in around four hours using various
embodiments.

One skilled in the art will appreciate that the present
invention can be practiced by other than the above-described
embodiments, which are presented in this description for
purposes of illustration and not of limitation. The specifi-
cation and drawings are not intended to limit the exclusion-
ary scope of this patent document. It is noted that various
equivalents for the particular embodiments discussed in this
description may practice the invention as well. That is, while
the present invention has been described in conjunction with
specific embodiments, it is evident that many alternatives,
modifications, permutations and variations will become
apparent to those of ordinary skill in the art in light of the
foregoing description. Accordingly, it is intended that the
present invention embrace all such alternatives, modifica-
tions and variations as fall within the scope of the following
claims. The fact that a product, process, or method exhibits
differences from one or more of the above-described exem-
plary embodiments does not mean that the product or
process is outside the scope (literal scope and/or other
legally-recognized scope) of the following claims.

The invention claimed is:
1. A computer-implemented method for generating a
passive model of a structure, the method comprising the
steps of:
receiving, in memory, parameter data corresponding to
the structure, the parameter data being represented as a
first rectangular matrix having M rows and N columns,
M being different than N;

generating by a processor a second square matrix based
on the first matrix, the square matrix having L. rows and
columns such that L is equal to the least of M and N and
represents [ distinct frequencies used in generating the
parameter data;

generating by the processor eigenvalues of the square

matrix;

determining by the processor a number K of significant

eigenvalues;
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selecting by the processor K values from the first matrix;

and

generating by the processor a model matrix H using the K

selected values, the model matrix H modeling the
structure;

determining by the processor a quality of fit between the

model matrix H and the first matrix; and

if the fit quality is less than a threshold value, (i) selecting

by the processor at least one additional value from the
first matrix, and (ii) generating by the processor an
updated model matrix H by repeating the generating
step using the K previously selected values and the at
least one additional selected value.

2. The method of claim 1, wherein the step of determining
the fit quality comprises:

least-square approximation; and

reshaping the first rectangular matrix into a one-column

matrix.

3. The method of claim 1, wherein the parameter data
comprises at least one of S-parameter data, Y-parameter
data, and Z-parameter data.

4. The method of claim 1, wherein each of the M rows
corresponds to one of a plurality of frequencies and each of
the N columns corresponds to one of a plurality of pair-wise
combinations of ports of the structure.

5. The method of claim 1, wherein the structure comprises
at least one of electrical circuitry and an electromagnetic
component.

6. A system for generating a passive model of a structure,
the system comprising:

a first processor configured as a transform module to (i)

receive, in memory, parameter data corresponding to
the structure, the parameter data being represented as a
first rectangular matrix having M rows and N columns,
M being different than N, and (ii) generate a second
square matrix based on the first matrix, the square
matrix having L. rows and columns such that I is equal
to the least of M and N;
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a second processor configured as an analyzer module to
(1) generate eigenvalues of the square matrix, and (ii)
determine a number K of significant eigenvalues; and

a third processor configured as a model generator to (i)
select K values from the first matrix, (ii) generate a
model matrix H using the K selected values, the model
matrix H modeling the structure; (iii) compute a fit
quality of the model matrix H, and (iv) if the fit quality
is less than a threshold, to select an additional value
from the first matrix and update the matrix H based on
the additional value.

7. The system of claim 6, wherein computation of the fit

quality comprises:

least-square approximation; and

reshaping the first rectangular matrix into a one-column
matrix.

8. The system of claim 6, wherein the parameter data
comprises at least one of S-parameter data, Y-parameter
data, and Z-parameter data.

9. The system of claim 6, wherein each of the M rows
corresponds to one of a plurality of frequencies and each of
the N columns corresponds to one of a plurality of pair-wise
combinations of ports of the structure.

10. The system of claim 6, wherein the structure com-
prises at least one of electrical circuitry and an electromag-
netic component.

11. The system of claim 6, wherein the memory contains,
in part, instructions to at least one of: (i) configure the first
processor as the transform module, (ii) configure the second
processor as the analyzer module, and (iii) configure the
third processor as the model generator.

12. The system of claim 6, wherein the first processor
comprises at least one of the second and third processors.

13. The system of claim 6, wherein the second processor
comprises at least one of the first and third processors.

#* #* #* #* #*



